
Harnessing 
technology in the  
hunt for alpha
Technology is  un locking new ways to  invest. 



Issued  by VanEck Investm ents Lim ited  ACN 146 596 116 AFSL 416755. 

Not pe rsona l advice . All investm ents have  risks. Investm ent pe rform ance  is  not guaranteed  by VanEck or 
index providers.

Read  the  PDS and  TMD which  a re  accessib le  a t vaneck.com .au . 

An investm ent in  the  Fund ca rrie s risk. The  Fund is conside red  to  have  a  h igher investm ent risk than  a  
com parable  fund  tha t does not engage  in  short se lling and  leverage . Investors should  active ly m onitor 
the ir investm ent a s frequently as da ily to  ensure  it continues to  m ee t the ir investm ent ob jectives. Risks 
associa ted  with  an  investm ent in  the  fund  include  those  associa ted  with  short se lling risk, leve rage  risk, 
p rim e  broker risk, counte rpa rtie s risk, concentra tion  risk, opera tiona l risk and  m ate ria l portfolio  
inform ation  risk. See  the  VanEck Austra lian  Long Short Com plex ETF PDS and  TMD for m ore  de ta ils .

Re fe r  t o  t h e  im p or t a n t  in fo rm a t ion  a t  t h e  e n d  o f t h is  p re se n t a t ion .

Important information
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Perhaps the  most famous use  of statistics and rules over 
human judgement
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At the  sta rt of the  2002 baseba ll 
season , the  richest team , the  
New York Yankees, had  a  payroll 
of US$126 m illion . The  Oakland  
A’s had  le ss than  a  th ird  of tha t, 
abou t US$40 m illion .

By se a son ’s  e n d , th e  A’s  h a d  
won  103 ga m e s, th e  sa m e  a s  
th e  Ya n ke e s.



The Yankee’s way versus the  A’s way
Th e  a pp roa ch  to  th e  2002 off-se a son  bu yin g
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Pitch e r ’s  s t a t s  
 Winn ing %

Ba t te r ’s  s t a t s
 Batting ave rage  

(h its/a t-ba ts)
 Stolen  bases

Playe rs p icked  on  physical appearance
Ex- p laye rs ch ild ren  favoured

Pre fe r h igh  school p itche rs

Use  of sabe rm e trics
Seek unde r-va lued  p la te rs

Pre fe r college  p itchers (4x m ore  like ly to  m ake  the  b ig 
leagues)

Pitch e r ’s  s t a t s  
 Com plex de fence  
sta tistics + conside ring 
sta tistics on  d iffe ren t 
fie lds

Ba t te r ’s  s t a t s
 On-base  % (OBP): 

cap tu res ways a  ba tte r 
can  reach  base  
besides a  h it
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Identifying value

\

Da vid  Ju st ice  

Past h is p rim e  bu t 
sabe rm e trics like  OBP 

m ean t he  was 
ove rlooked

Ch a d  Bra d ford  

Unconven tiona l 
th rowing m otion  

ove rlooked  for p itche rs 
tha t ‘look’ be tte r

Scot t  Ha t te be rg 

Had  d ifficu lty th rowing 
from  the  ou tfie ld , bu t 
cou ld  still slug and  ge t 

on  base

Joh n n y Da m on  

Desp ite  strong sabe rm e trics 
the  A’s cou ld  not com pe te  
with  the  Red  Sox’s US$31 
m illion  con tract for the  

league’s th ird  best ba t who 
they acqu ired  in  2001

Ga in s + Loss -



As Brad  Pitt d rives listen ing to  h is daughte r cover Lenka’s “The  Show” the  aud ience  reads:

The secre t to winning didn’t stay secre t for long…
As Brad  Pitt d rives listen ing to  h is daughte r cover Lenka’s “The  Show” the  aud ience  reads:

Billy Beane turned down the Red Sox offer of $12,500,000 and chose 
to stay in Oakland as the A’s General Manager. 

Two years later, the Red Sox won their first World Series since 1918 
embracing the philosophy championed in Oakland. 
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Harnessing sabermetrics philosophy 

Ultim ate ly, the  title s won  by Oakland  = 0.  

You  still need  som eth ing beyond  pure  sta ts, tha t hum an  
ove rlay;

In  baseba ll, it ’s those  a th le te s tha t can  pe rform  under the  
p re ssure  in  the  p layoffs.

Ta ke a wa ys

1. Hum ans m ake  m istakes, even  p rofessiona ls can  be  
in fluenced  by b iases and  noise  in  judgem ents.

2. Sta tistics and  ru le s can  reduce  e rrors and  be  used  to  
find  ‘va lue’.



Overcoming the  flaws in human judgement in investing 

 - Noise
 - Biases
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The  next investing paradigm: 
Removing human biases & inconsistencies

An a lgorithm  could  
rea lly do be tte r than  
hum ans because  it 
filte rs ou t n oise . 
Danie l Kahnem an, 
Nobe l p rize -winn ing psychologist 
and  behavioura l econom ist 

¹The re  is no Nobe l Prize  for psychology. Kahnem an was awarded  the  Nobe l Mem oria l Prize  in  Econom ic Sciences in  2002 for h is work on  Prospect theory. 

https://www.vaneck.com.au/blog/vectors-insights/thorn-bushes-have-roses/
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Mitigating the  problem of noise  with rules 
Two we ll-docu m e n te d  a re a s  wh e re  n oise  le a ds to  u n fa vou ra b le  ou tcom e s—a n d  h ow ru le s  ca n  h e lp .

Ju dge s a n d  n oise

Source : LHS - U.S. Pa role  Board . (1974). Sen tencing Variab ility in  the  Crim ina l Justice  System . Cited  in  Kahnem an , D., Sibony, O., & Sunste in , C. R. (2021). Noise : A Flaw in  Hum an  Judgm en t.

Fin a n cia l a dvise rs , in ve stors  a n d  n oise  

• A 1974 study by the  U.S. Pa role  Board  found sentences for 
identica l crim es ranged  from  1-35 years, depending on  the  
judge . 

• Parole  boards were  found 65% m ore  like ly to  gran t pa role  
im m edia te ly a fte r a  m ea l than  a t the  end  of a  session . 

• Structured  ru les in troduced: m anda tory m inim um  
sentences and  three -strikes law

• A key pa rt of an  advise r ’s job  is  to  he lp  clien ts m itiga te  the  
im pact of noise , tha t could  de ra il the ir financia l p lans. 

• How do advise rs com bat noise? 



A very large  list of biases
Th e re  a re  ove r  180 kn own  cogn it ive  b ia se s  – th e  
sh ortcu t s  a n d  ru le s  of th u m b  by wh ich  h u m a n s 
m a ke  ju dgm e n ts  a n d  p re d ict ion s.
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Bia s  De fin it ion

An ch oring People  re ly too heavily on  the  first p iece  of 
in form ation  they encounte r (the  "anchor") when  
m aking decisions.

Ava ila b ilit y People  judge  the  p robab ility of even ts based  on  
how easily exam ples com e to  m ind .

Loss  Ave rsion  Losses loom  la rger than  ga ins. People  fee l the  
pa in  of losing som eth ing m ore  in tense ly than  the  
p leasure  of ga in ing som eth ing of equa l va lue .

Th e  En d owm en t  Effe ct  People  assign  m ore  va lue  to  th ings m ere ly 
because  they own them .

Th e  Ha lo  Effe ct  People ’s overa ll im pression  of som eone  or 
som eth ing in fluences the ir eva lua tion  of 
unre la ted  tra its.

Fra m in g Effe ct  Decisions a re  in fluenced  by how in form ation  is 
p resen ted , ra ther than  just the  facts them se lves. 

Ove rcon fidence  People  tend  to  overestim ate  the ir knowledge , 
ab ilitie s, and  pred ictions about fu tu re  even ts.

Hin dsigh t  b ia s  Once  an  even t has occurred , people  see  it a s 
having been  pred ictable  a ll a long.

Con firm a t ion  b ia s  

Tendency to  favor in form ation  tha t supports our 
existing be lie fs while  ignoring or d iscounting 
con trad ictory evidence  tha t seem s to  support an  
a lte rna te  view. 

Source : Kahnem an , Dan ie l. Th inking, Fast and  Slow. New York: Fa rra r, Straus and  Giroux, 2011



Bias ingrained in investor psychology – even for 
experienced, institutional portfolio managers

13Source : Klakow Akepan idtaworn , Rick Di Mascio, Alex Im as, and  Lawrence  D.W. Schm id t for Se lling Fast and  Buying Slow: Heuristics and  Trad ing Perform ance  of Institu tiona l Investors 

Win n in g pa pe r  2024 
Th e  Jou rn a l o f Fin a n ce

Key fin d in gs:

• Managers p rioritise  buying decisions
• Managers re ly heavily on  heuristics 

particu la rly when  se lling
• Exte rna l p re ssures exace rba te  

suboptim al se lling behavior
• Challenge  the  notion  tha t 

institu tiona l investors a re  im m une  to  
behavioral b iases. 



Pure  passive  did this – simple  rules took out the  human 
e lement and outperformed on average 

14Source : SPIVA Persistence  Scoreca rd : Mid-Year 2024, S&P Dow Jones Ind ices. Past pe rform ance  is  not ind ica tive  of fu tu re  resu lts . You  cannot invest in  an  index.

S&P Dow Jones Ind ices’ SPIVA Scorecards 
have  com pared  the  pe rform ance  of active ly 
m anaged  funds to  appropria te  benchm arks 

For ove r 20 years, SPIVA Scorecards, S&P 
re search  te lls  us tha t re la tive ly few active  
m anage rs a re  ab le  to  ou tpe rform  passive  
m anage rs ove r any given  tim e  pe riod , e ithe r 
short-te rm  or long-te rm . 

Fu n d  
Ca te gory

Com pa rison  
In de x YTD (%) 1-Ye a r  

(%)
3-Ye a r  

(%)
5-Ye a r  

(%)
10-Ye a r  

(%)

Austra lian  
Equity 
Gene ra l

S&P/ASX 200 48.32 65.66 69.57 68.10 82.16

Act ive  fu n d  m a n a ge r u n de rpe rform a n ce  ra te
Over 10 years, 82% have  unde rpe rform ed  in  Austra lian  Equitie s



More complex rules enabled the  rise  of smart beta
For ove r a  de ca de , Va n Eck h a s le d  sm a rt  be ta  in n ova t ion  in  Au st ra lia .
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Va lu e

‘Cheap”

Mom e n tu m

‘Positive  p ricing 
sen tim en t’

Qu a lity

‘Financia lly hea lthy’

Size

‘Growth  poten tia l’

Sm a rt  be ta  or  syste m a t ic in ve st in g, se lects a  se t of com panies with  sim ila r fundam enta ls, p rice  behaviour or a  
com bina tion  of both . Enab led  by the  rise  of “b ig da ta” and  the  ab ility to  ana lyse  la rge  da ta  se ts.

Often  active  m anage r ou tpe rform ance  can  be  la rge ly a ttribu ted  to  ‘stra tegy’ exposures or factors:
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Smart beta approach
Exa m ple  for  t a rge t in g qu a lity com pa n ie s

Asse ss  com pa n y m e t r ics

- High  re tu rn  on  equ ity

- Low financia l leve rage

- Stab le  earn ings growth

Ou tcom e
Top quality com panies
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VanEck’s heritage  in active  and smart beta – since  1955
Ou r in ve stm e n t  ph ilosoph y is  p re d ica te d  on  in n ova t ion  - h a rn e ssin g te ch n ology-d rive n  in sigh t s  a n d  
a dva n ce d  a n a lysis  to  ide n t ify a n d  u n lock opportu n it ie s  

1955
In te rn a t ion a l In ve stors  Fu n d

VanEck was founded  with  the  launch  
of the  active  In te rna tiona l Investors 

Fund  (IIF) which  provided  US investors 
access to  the  post-World  War II 

econom ic recoveries of Europe  and  
Japan . 

1968
Act ive  gold  fu n d

In  an ticipa tion  of in fla tion  founder, 
John  VanEck converted  the  (IIF) to  a  

Gold  Fund , which  is still runn ing 
today.

2006
First  Exch a n ge  Tra de d  Fu n d  (ETF)
Launches Gold  Miners ETF (GDX), an  

asse t class underrepresen ted  in  
portfolios.

1993-94
Em e rgin g m a rke t s  & globa l 

re sou rce s
As globa l growth  & China  rise  to  

p rom inence  launched  active  em erging 
m arke ts & resources funds.

2012
US e qu it ie s  sm a rt  be ta  

VanEck launches MOAT, a  h igh-
conviction ,  sm art be ta  ETF com bin ing 

qua lity and  va lue .

2014
Sm a rt  be ta  Au st ra lia n  & 

in te rn a t ion a l e qu it ie s

Launch  two ETFs to  harvest style  & 
risk p rem ia  in  equ ity m arke ts.

• MVW – the  first Austra lian  equa l 
weigh t ETF, designed  to  reduce  

concen tra tion  risk inheren t in  the  
S&P/ASX 200. 

• QUAL – Targe ting the  Quality 
Factor, the  ETF tracks an  index tha t 

takes a  system atic, quan tita tive  
approach .

2013
Esta b lish e s  Au st ra lia n  bu sin e ss  

VanEck launches four sm art be ta  ETFs 
in  Austra lia .

2017
Sm a rt  Be ta  Fixe d  In com e

VanEck launches PLUS, a  sm art be ta  
fixed-incom e ETF.

2020
Em e rgin g Ma rke t s  De b t  ETF

VanEck launches an  active ly 
m anaged  em erging m arke ts bond  

ETF, EBND.

2025
Au st ra lia n  Lon g Sh ort  ETF

Build ing on  its success with  
quan tita tive  focused , sm art be ta  

stra tegies, VanEck launches ALFA.

2007
Qu a n t it a t ive  ca pa b ility

Recognising the  need  for deep  
quan tita tive  ana lysis, VanEck 

estab lishes an  in -house  expertise  tha t 
will even tua lly be  known as QIS 

(Quantita tive  Investm ent Solu tions).



The advantage  of more  complex rules, according 
to Kahneman and his co-authors, “is not just the  
absence  of noise  but a lso  th e  a b ility to  exp lo it  
m u ch  m ore  in form a t ion .”

Ente r system atic a lpha . Leveraging da ta  science  and  program m ed 
lea rn ing to  offe r an  innova tive  approach  to  gene ra ting a lpha .
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The  rise  of using data-driven, algorithmic approaches
Th e  Ma n  Wh o Solve d  th e  Ma rke t : How Jim  Sim on s La u n ch e d  th e  Qu a n t  Revolu t ion

• Known as the  ‘quant king’, Jim  Sim ons is  an  

award-winning m athem atician  & investor

• Founded Rena issance  Technologies, a  hedge  

fund  tha t p ioneered  quantita tive  trad ing. Its  

flagship  Meda llion  Fund were  estab lished  in  

1982

• Becam e one  of the  m ost profitab le  

investm ent com panies in  h istory, re lying 

en tire ly on  quantita tive  ana lysis and  

a lgorithm ic stra tegies.
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Long-short strategies have generally been:

Inconsistent performers.
Style biased.
Benchmark constrained.
Difficult to access.
Expensive. 

ALFA ch a n ge s th is  
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The  next evolution of quantitative  investing: ALFA

All-we a th e r  e qu ity 
s t ra te gy

Aim s to  pe rform  across 
m arke t/econom ic cycles and  

style  regim es

Style  a gn ost ic 
u n con st ra in e d  a pp roa ch
Can invest across industrie s, stock 

sizes and  styles

Sa te llit e  exposu re
Concentra ted , h igh  conviction  

exposure  to  Austra lian  Equitie s
Un iqu e  lon g sh ort  a pp roa ch

ALFA utilises the  next evolu tion  in  
system atic investing

Pote n t ia l ou tpe rform a n ce
ALFA has the  poten tia l to  

ou tpe rform  the  S&P/ASX 200 over 
the  m edium  to long te rm

Cost  e ffe ct ive
Managem ent fee  of 0.39% p .a ¹. 

Source : VanEck. Source : VanEck. ¹Othe r costs  app ly, includ ing a  pe rform ance  fee  of 20% on  the  Fund’s re tu rn  above  the  S&P/ASX 200 Accum ula tion  Index, sub ject to  a  h igh  wate rm ark. Please  re fe r to  the  PDS.
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Systematic alpha approach
Next  evolu t ion  in  e qu ity in ve st in g

Ou tcom e
Top long com panies
Top  short com panies

St ra te gie s  de p loye d
(150-200)

Sta tistica l sign ificance

New 
stra tegies

Ne w st ra t e gie s
(ind ica tive  of fu tu re  excess 
re tu rns)

Ou td a te d  st ra t e gie s
(no longe r ind ica tive  of 
fu tu re  excess re tu rns)

St ra te gie s  a sse sse d  
dyn a m ica lly

Quantita tive  (~4,400)
i.e . re turn  on  equity & 
com pany/industry specific

Technica l & Pa ir Trading (~3,000) 
i.e . p rice  change  & RSI

Macroeconom ic (~22,000)
i.e . in fla tion  & GDP



Portfolio construction process
Va n Eck Au st ra lia n  Lon g Sh ort  Com plex ETF (ALFA) 
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Ste p  1: Un ive rse
Listed  on  ASX and incorpora ted  in  Austra lia  → 

~1,800 se cu rit ie s

Ste p  2: In ve sta b le  u n ive rse
Marke t cap  and  liqu id ity filte rs →

~240 se cu rit ie s

Ste p  3: Qu a n t ita t ive  scre e n in g p roce ss
Iden tifie s com panie s with  the  h ighest p robab ility of 

ou tpe rform ing or unde rpe rform ing 

ALFA port fo lio
Targe t: 15-50 securitie s (long); 0-25 securitie s (short)

Ste p  4: Risk 
m a n a ge m e n t  &  

qu a lit a t ive  ove rla y



The case  for long short in Australian equities



Australian Equities over 12 months
Th e  ASX 200 close d  +9.8% ove r  12 m on th s

Source : Bloom berg, 1 May 2024 – 30 April 2025. Past pe rform ance  is  not ind ica tive  of fu tu re  resu lts . You  cannot invest in  an  index.
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Momentum & growth environment while  China’s 
economic woes weighed on resource  miners

Source : Bloom berg. LHS: S&P/ASX 200 sector ind ices used . RHS: MSCI factor ind ices used . Large  Caps re fe r to  the  ASX 20, Mid  Caps to  the  ASX 50, and  Sm all Caps to  the  Sm all Ord ina ries Index. Past pe rform ance  is  not ind ica tive  of fu tu re  resu lts . You  cannot invest d irectly in  an  
index.
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Individual stock performance was highly dispersed
Opt im a l for  t a kin g lon g a n d  sh ort  posit ion s

Source : FactSe t. Past pe rform ance  is  not ind ica tive  of fu tu re  resu lts . You  cannot invest in  an  index.
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Valuations e levated
12m  forwa rd  e a rn in gs +1 s ta n da rd  devia t ion  a bove  a ve ra ge , wh ile  th e  d ivide n d  yie ld  is  a t  a  5-ye a r  low.

Source : Bloom berg, a s a t 30 April 2025.
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Key take aways:
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Va lu a t ion s e leva te d
Be ing se lective  is p ruden t

High  se ctor a n d  s tock re tu rn  d ispe rsion
Long short offe rs the  poten tia l to  m axim ise  p rofit

Wh a t  cou ld  spa rk a  s tyle / se ctor ro ta t ion ?
Agile  position ing vita l to  naviga te  the  next m arke t phase

The  case  for long short in  Austra lian  equ itie s
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Snapshot

High  con vict ion  lon g sh or t  s t ra te gy
Unconstra ined  h igh  conviction  Austra lian  equity portfo lio  tha t ta rge ts long and  
short positions

Act ive  syste m a t ic a pproa ch
A dynam ic quantita tive  stock se lection  approach  u tilising sophistica ted  
com puta tions and  program m ed learn ing designed  to  be  agnostic of m arke t cycle  
and  style  ro ta tions

Ou tpe rform a n ce  pote n t ia l

Alte rna te  Austra lian  equity stra tegy tha t a im s to  de live r excess re turn  ove r the  
m edium  to  long-te rm .

ASX cod e : ALFA

ASX com m e n ce m e n t : 23 January 2025

Ma n a ge m e n t  fe e : 0.39% p .a .*

Pe rform a n ce  fe e :
20% of Fund’s re tu rn  above  the  
Benchm ark, sub ject to  a  h igh  
wate rm ark

Be n ch m a rk: S&P/ASX 200 Accum ula tion  Index

AUM a s a t  13 Ma y 2025 $10.4 m illion

Va n Eck Au st ra lia n  Lon g Sh ort  Com plex ETF (ALFA) 

*Othe r costs  m ay app ly. Ple ase  re fe r to  the  PDS.

Ke y r isk s : An investm ent in  the  Fund  carrie s risk. The  Fund  is conside red  to have  a  h ighe r investm ent risk than  a  
com parab le  fund  tha t does not engage  in  short se lling and  leve rage . Investors should  active ly m onitor the ir investm ent as 
frequently as da ily to ensure  it con tinues to m ee t the ir investm ent ob jective s.  Risks associa ted  with  an  investm ent in  the  
fund  include  those  associa ted  with  short se lling risk, leve rage  risk, p rim e  broke r risk, counte rpartie s risk, concentra tion  risk, 
ope ra tional risk and  m ate ria l portfolio in form ation  risk. See  the  VanEck Austra lian  Long Short Com plex ETF PDS and  TMD for 
m ore  de ta ils.



Q&A



Thankyou

For m ore  in form a t ion :
vaneck.com.au
02 8038 3300 
info@vaneck.com.au

VanEck-Austra lia

VanEck_Au

VanEckAus

vaneck.com .au/b log



This in form ation  is  p repared  in  good  fa ith  by VanEck Investm ents Lim ited  ACN 146 596 116 AFSL 416755 (‘VanEck’) as re sponsib le  en tity and  issue r of un its  in  
VanEck ETF’s trad ing on  the  ASX. 

You  should  conside r whe the r or not any VanEck fund  is  appropria te  for you . Investing in  ETF’s has risks, includ ing possib le  loss of cap ita l invested . See  the  
re levan t PDS and  TMD for de ta ils . 

No m em ber of the  VanEck group  guaran tee s the  repaym ent of cap ita l, the  paym ent of incom e , pe rform ance , or any particu la r ra te  of re tu rn  from  any fund .

This in form ation  is  be lieved  to  be  accura te  a t the  tim e  of com pila tion  bu t is  sub ject to  change . VanEck does not repre sen t or warran t the  qua lity, accuracy, 
re liab ility, tim e liness or com ple teness of the  in form ation . To the  exten t pe rm itted  by law, VanEck does not accep t any liab ility (whe the r a rising in  con tract, 
tort, negligence  or othe rwise ) for any e rror or om ission  in  the  in form ation  or for any loss or dam age  (whe the r d irect, ind irect, consequen tia l or o the rwise ) 
su ffe red  by any recip ien t of the  in form ation , acting in  re liance  on  it. 

© 2025 Van  Eck Associa te s Corpora tion . All righ ts re se rved .
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